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Abstract

This paper substantiates a methodological model for university development in an artificial-intelligence-
saturated environment. The research problem lies in the widening gap between the rapid diffusion of generative
Al in teaching and learning and the slower maturation of university regulations, assessment models, and staff
capabilities. The study combines systems, institutional, ecosystem, and socio-technical approaches. It is based
on a comparative review of scholarly publications from 2022 to 2025 and on the secondary interpretation of
Russian and international empirical materials, including HSE ISSEK and VTsIOM analytical reports. The
paper shows that the decisive issue for higher education is no longer access to Al tools as such but the
institutional coherence of their adoption. A model is proposed in which three-platform training (academic,
meta-professional, and industrial), organizational digital consciousness, and the digital campus together form
an integrated educational ecosystem. The empirical evidence demonstrates high student familiarity with
generative Al rising institutional recognition of its relevance, and persistent Russian constraints related to
talent shortages, uneven digital capabilities, and public ambivalence toward Al in education. The future scope
of the model lies in adaptive digital campuses and evidence-based Al governance for universities.
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I.  Introduction

The accelerated spread of generative models has changed not only the toolkits of teachers and students
but also the logic of university management. Recent studies describe artificial intelligence in higher education
simultaneously as a catalyst for pedagogical change, an object of critical reflection, and a source of new
institutional, ethical, and administrative regimes [1]-[4]. Under these conditions, the central question is not
whether universities will encounter Al, but how they should redesign their internal architecture to preserve
educational quality, academic integrity, and managerial controllability.

The relevance of the topic is intensified by the mismatch between the practical diffusion of Al tools
and the maturity of institutional rules governing their use. Russian studies show growing interest in Al for
higher education while also identifying regulatory fragmentation, risks to academic integrity, and the need to
revise approaches to curriculum and assessment design [11]-[15]. As a result, universities may possess digital
infrastructure without having a coherent model that connects teaching, project work, partnerships, and
governance into a single ecosystem.

The purpose of this paper is to develop a methodological framework for the educational ecosystem of
the university in an Al-saturated environment. The novelty of the study lies in moving the discussion from
isolated Al tools to organizational architecture. The paper argues that three-platform training, organizational
digital consciousness, and the digital campus should be treated as interdependent components of a contemporary
university development model.

I1. Literature Survey

The first line of the literature views Al in higher education through the prism of discourse and field
formation. Bearman, Ryan, and Ajjawi show that the debate is structured by competing narratives of efficiency,
innovation, ethics, and control [1]. Crompton and Burke characterize the field as rapidly expanding but
methodologically uneven, with much of the literature focused on opportunities for personalization, feedback,
and automation rather than on institutional design [2]. Bond et al. also emphasize the need for more rigorous
research and stronger ethical coordination across stakeholders [4].

A second line of studies treats Al as a strategic management issue. George and Wooden argue that Al
adoption in universities requires organizational transformation rather than narrow technological procurement
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[3]. Mah and GroB3 demonstrate that faculty members differ substantially in self-efficacy and practical use,
which makes professional development a central condition of successful adoption [7]. Vorontsova et al. extend
this argument by showing that the economic effects of Al in higher education are increasingly linked with
resource optimization, time savings, and improved decision quality [8].

A third line focuses on generative Al and its impact on teaching, learning, and academic integrity.
Yusuf, Pervin, and Roman-Gonzalez report that both teachers and students perceive generative Al as an
important force in higher education, while remaining concerned about misuse and honesty standards [5].
Arowosegbe, Alqahtani, and Oyelade show that student awareness and practical use of generative Al are already
widespread, which means that universities are managing an existing reality rather than a hypothetical future [6].
McDonald et al. demonstrate that leading universities increasingly respond through guidance, syllabi, ethical
framing, and classroom recommendations instead of blanket prohibition [10].

Russian scholarship confirms similar tendencies while highlighting local institutional constraints.
Davydov et al. describe Al in Russian higher education as a developing but unevenly regulated domain [11].
Rezaev, Stepanov, and Tregubova interpret Al as a factor reshaping the social and communicative foundations
of the university [12], while subsequent work by Rezaev and Tregubova emphasizes the importance of a social-
institutional perspective on Al integration [13]. Lukichyov and Chekmarev concentrate on the risks of Al
adoption for academic evaluation and governance [14], and Raitskaya with Lambovska summarize international
evidence on ChatGPT as both an opportunity and a challenge for higher education [15].

I11. Research Elaborations
3.1. Research design

The study is theoretical and methodological in character. It employs systems, institutional, ecosystem,
and socio-technical approaches. The systems approach makes it possible to consider the university as a complex
organization whose learning, governance, and partnership contours are interdependent. The institutional
approach focuses on rules, norms, accountability, and governance mechanisms. The ecosystem approach reveals
the connections between curricular, project, and career trajectories, while the socio-technical approach helps
explain how technologies, people, and organizational routines interact [1], [3], [4].

The empirical basis is constructed as a secondary interpretation of open scientific and analytical
materials. The scholarly corpus includes publications from 2022 to 2025 selected according to three criteria:
thematic relevance to higher-education governance under Al conditions, verifiability of publication outlets, and
the availability of evidence allowing institutional interpretation. The analytical corpus also includes Russian
statistical and sociological materials, particularly HSE ISSEK reports on Al development and digital economy
indicators, and VTsIOM surveys on public attitudes toward Al [16]-[20].

3.2. Proposed methodological model

The central proposition of the paper is that universities should not interpret Al merely as a toolkit. They
should treat it as a driver of ecosystem reconfiguration. The proposed model integrates three interconnected
components. The academic platform ensures disciplinary content and formal learning outcomes. The meta-
professional platform develops project work, communication, digital culture, and reflective capability. The
industrial platform connects training with employers, real tasks, internships, and career pathways. These three
platforms are coordinated through organizational digital consciousness, understood as the university’s integral
capacity to perceive digital change, interpret risks and opportunities, and make value-informed decisions on the
basis of data. The digital campus acts as an integrator by linking educational modules, digital traces, project
assignments, mentoring, analytics, and partnership services into a manageable environment.

Academic Meta-professional Inclustrial
platform platform platform

l l }

Organizational
digital consciousness

l

Digital campus
as integrator

Fig. 1. Methodological model of the university educational ecosystem.
Source: developed by the authors.
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Iv. Results and Discussion
4.1. Student adoption and perceived educational relevance
The first empirical contour concerns student behavior. Evidence from Arowosegbe, Alqgahtani, and
Oyelade indicates that 94% of respondents are aware of the use of generative Al for academic purposes, 52%
have already used such tools in learning tasks, 83% expect further diffusion, and 47% support curricular
integration [6]. The data show that the management problem is not basic awareness but the lack of stable
institutional arrangements governing acceptable and productive use.

Student Use and Institutional Expectations of Generative Al
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Fig. 2. Student use and institutional expectations of generative Al
Source: prepared by the authors based on [6].

Perceptions of significance confirm this trend. Yusuf, Pervin, and Roman-Gonzalez report that 38.5%
of faculty and 36.2% of students rate the significance of generative Al in higher education as high, while a
further 25.6% and 29.0% respectively describe it as moderate [5]. Al is therefore perceived not as a peripheral
digital service, but as a factor capable of changing the normal logic of academic action, including support,
feedback, assignment design, and integrity control.
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Fig. 3. Perceived significance of generative Al in higher education.
Source: prepared by the authors based on [5].

4.2. Institutional policy responses

The second contour concerns how universities respond institutionally. McDonald, Johri, Ali, and
Hingle Collier, based on an analysis of 116 U.S. research universities, show that 63% of institutions encourage
generative Al use, 56% provide sample syllabi, 50% publish scenarios and assignments, 52% explicitly address
ethical issues, and 41% offer detailed classroom guidance [10]. This evidence suggests that mature Al policy is
built less around prohibition than around the design of norms, guidance, and pedagogical protocols.
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Institutional GenAl Policy Components
at 116 U.S. Research Universities
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Fig. 4. Institutional GenAl policy components at U.S. research universities.
Source: prepared by the authors based on [10].

4.3. The Russian analytical context

Russian data add an important institutional layer to the picture. According to HSE ISSEK, higher
education institutions that use Al technologies face substantial staffing and resource barriers: 57.8% report
difficulties in hiring Al specialists, 52.2% identify a shortage of staff skills, and 53.3% point to insufficient
funding [16]. Notably, the effects of adoption are currently more organizational than substitutive: universities
report improvements in labor productivity and safety more often than staff reductions. This indicates a phase of
deficit-ridden institutional adaptation rather than direct human replacement.
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Fig. 5. Barriers to Al adoption in Russian higher education, 2023.
Source: prepared by the authors based on [16].

The infrastructural and competence layer is equally important. HSE’s “Digital Economy Indicators:
2025” shows that basic digital inclusion is already widespread in Russia, while advanced skills remain unevenly
distributed: 74.6% of the population can send messages with attachments, 43.8% use text editors, 25.4% work
with spreadsheets, 13.1% create presentations, and only 1.4% can write software independently [17].
Universities therefore need to distinguish between digital access and digital agency: routine digital use does not
automatically translate into meaningful work with Al systems.

Digital Skills of the Russian Population, 2023
74.6
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attachments pasting

Fig. 6. Digital skills of the Russian population, 2023.
Source: prepared by the authors based on [17].
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Sociological measurements reveal another dimension: demand for Al is accompanied by clear caution.
VTsIOM reports that 94% of Russians are aware of Al, 52% trust it to some degree, and 55% would like to
receive Al-related training in the next two to three years [19]. At the same time, public acceptance of Al in
educational practice remains limited, which makes transparent rules and accountable pedagogical use critical for
maintaining legitimacy [20]. Russian studies of students also confirm that Al use is heterogeneous and linked to
both disciplinary differences and motivational factors [18], [21].

Public Attitudes toward Al in Russia, 2024
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Fig. 7. Public attitudes toward Al in Russia, 2024.
Source: prepared by the authors based on [19].

4.4. Managerial implications and future scope

Taken together, the reviewed evidence suggests that the core university challenge is not whether to use
Al, but how to govern it. This requires transparent institutional rules for acceptable Al use in learning, research,
and administration; redesigned assessment focused on process, argumentation, and defense rather than on final
textual output alone; and systematic staff development for both faculty and administrators [7], [10], [14].

The proposed three-platform model offers a way to connect these requirements. The academic platform
secures disciplinary depth, the meta-professional platform develops adaptive and communicative capability, and
the industrial platform links learning with external practice. Organizational digital consciousness enables
coordination among these platforms, while the digital campus makes the ecosystem observable, comparable, and
manageable through data, analytics, and digital traces. The future scope of this model lies in adaptive campus
infrastructures, Al-aware quality assurance, and regionally embedded partnerships capable of aligning university
transformation with labor-market needs and public trust.

V.  Conclusion

Artificial intelligence has already become a normal element of university life. Consequently, the
relevant managerial decision is no longer whether Al should appear in higher education, but how it should be
institutionally embedded. The article has shown that fragmented digitalization is insufficient. What is required is
a coherent architecture that connects educational content, project activity, governance, and external partnership
mechanisms.

The proposed methodological model treats three-platform training, organizational digital
consciousness, and the digital campus as mutually reinforcing elements of an educational ecosystem. Its
practical value lies in its applicability to university Al policies, digital campus design, staff development
systems, and ecosystem-based strategies of higher-education transformation. Further research may
operationalize the model through institutional indicators, governance metrics, and comparative case studies of
Al-adopting universities.
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